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Abstract: Promoting a transition in individuals’ travel mode from car to an integrated metro and
bikeshare systems is expected to effectively reduce the traffic congestion that results mainly from
commute trips performed by individual automobiles. This paper focuses on the use frequency of an
integrated metro–bikeshare by individuals, and presents empirical evidence from Nanjing, China.
Using one-week GPS data collected from the Mobike company, the spatiotemporal characteristics
of origin/destination for cyclists who would likely to use shared bike as a feeder mode to metro
are examined. Three areas of travel-related spatiotemporal information were extracted including
(1) the distribution of walking distances between metro stations and shared bike parking lots; (2)
the distribution of cycling times between origins/destinations and metro stations; and (3) the times
when metro–bikeshare users pick up/drop off shared bikes to transfer to/from a metro. Incorporating
these three features into a questionnaire design, an intercept survey of possible factors on the use
of the combined mode was conducted at seven functional metro stations. An ordered logistic
regression model was used to examine the significant factors that influence groupings of metro
passengers. Results showed that the high-, medium- and low-frequency groups of metro–bikeshare
users accounted for 9.92%, 21.98% and 68.1%, respectively. Education, individual income, travel
purpose, travel time on the metro, workplace location and bike lane infrastructure were found to have
significant impacts on metro passengers’ use frequency of integrated metro–bikeshares. Relevant
policies and interventions for metro passengers of Nanjing are proposed to encourage the integration
of metro and bikeshare systems.

Keywords: metro–bikeshare integration; frequency; ordered logistic regression; survey; GPS data

1. Introduction

Free-floating bike sharing (FFBS) is an innovative approach to a public bike system that is
station-free and incorporates Internet Plus. It has recently received increasing attention due to its
flexible mobility services [1–4]. As a low-carbon, environmentally friendly, flexible and green mode
of transport, FFBS has been adopted and developed rapidly in many Chinese cities since 2016, and
Ofo and Mobike, the main brands of FFBS in China, have further expanded to other countries around
the world such as Italy, Russia, the Netherlands and the United States [5]. By the end of 2017, Ofo
was operating in 21 countries and more than 250 cities worldwide, while Mobike was active in 11
countries [6]. Unlike traditional public bikes that require riders to pick up or drop off at fixed docks,
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FFBS cyclists can park their bikes anywhere. Unfortunately, this has resulted a series of negative
consequence, such as cyclists randomly parking on sidewalks and in other public spaces [2,7]. To
limit the excessive expansion of shared bikes, Chinese local authorities have started regulating FFBS,
and many companies offering shared bike services, such as Xiaoming Bike and Ofo, went bankrupt.
Nevertheless, there is no doubt that FFBS is affecting individuals’ travel behavior and gradually
bringing bikes back into the public consciousness again. By the end of 2018, the total number of
free-floating shared bikes exceeded 20 million, which is far more than that of traditional public bikes,
and FFBS is currently the most popular means of bike sharing in China.

Residents’ travel distances in Chinese cities have been increasing with the continuous expansion
of urbanization [8,9], and the average commuting distance in more than 24 Chinese cities now exceeds
10 km. For instance, the average one-way commuting distance in Beijing reached 19.2 km in 2018 [10].
This indicates that travelling by active modes such as walking or cycling can no longer meet most
people’s travel needs on their own; instead, cars have become the main daily travel mode. As a result,
traffic congestion and traffic-related air pollution are becoming more serious, with some Chinese
metropolises having worst traffic congestion in the world. Local authorities struggling with traffic
have been trying to promote the use of public transport, especially a combined approach to riding the
metro and sharing bicycles. The combination of metro and FFBS systems (called a “metro–bikeshare”
in this paper) can not only provide a “door-to-door” travel service for individuals, but can also expand
the scope of metro services [2]. It adds a green travel option for long distance travelers, and could
potentially reduce the overall number of car trips in a city. However, in order to guide individuals to
use metro–bikeshares more, it is important to understand the behavior surrounds the integration of
metro and shared bicycle systems.

In China, the use of metro–bikeshares by individuals for daily trips is still in its trial stage, which
is different from European countries such as the Netherlands, where shared bikes are popularly
used by commuters to access trains [11]. Nevertheless, many individuals in China, especially young
people, are attracted to the idea of integrated metro–bikeshares. These individuals are likely to use
metro–bikeshares for travelling occasionally, while still using other travel modes (such as cars, buses
and buses to the metro) as their main travel mode. Since most metro–bikeshare users do not usually
live within a walkable distance of a bus or metro station, low-frequency users are likely to shift to
other motorized travel modes such as driving a car. For this reason, this paper assumes that the
low-frequency users of metro–bikeshares are potential car users or passengers. To increase the utility
of metro–bikeshares for these low-frequency users and prevent their dependence on using a car,
the determinants of their current metro–bikeshare use frequency should be of special importance to
researchers. There are many studies on the determinants of bike usage and its frequency, but the usage
frequency of metro–bikeshares has been rarely considered. Little is known about what determines the
use frequency of metro–bikeshare users.

This study aims to investigate the effects of personal and household social-demographics,
travel-related characteristics, built environments and preferences on the use frequency of combined
metro and shared bike systems. Taking Nanjing, China as a case study, a questionnaire survey was
conducted at the entrances of seven functional metro stations. Before designing the questionnaire, the
GPS data of shared bikes collected from the Mobike company in Nanjing City, China, the largest shared
bike operator, were also used to analyze the spatiotemporal characteristics of metro–bikeshare users.
This research contributes to a deeper understanding of the role of FFBS in encouraging individuals
to use public transportation, and it provides policy implications on integrating metro and shared
bike systems.

The rest of the paper is organized as follow: Section 2 reviews the literature on the integration of
metro and shared bike systems from the perspective of users. Section 3 presents the methodology used
in the paper. Section 4 describes the empirical results of our analysis. Section 5 discusses the findings
and concludes the paper.
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2. Literature Review

Since the first-generation of public bike systems was launched in the Netherlands in 1965, the
integration of bikeshare and public transportation systems have been attracting much attention in
the field of transportation. In order to promote the use of metro–bikeshare, numerous studies focus
on the determinants of bike-sharing usage for metro access [12]. However, due to a short history
of FFBS development, the empirical evidence on how to effectively integrate FFBS and metro from
the perspective of users is still limited [13]. For this reason, existing studies on the use of integrated
private bike/traditional public bike and metro by individuals are also included in this literature review.
There are many factors influencing individuals’ decisions on the use of metro–bikeshares, which can
be classified into four aspects: Personal and household demographic characteristics, travel-related
characteristics, perception characteristics and the built environment.

As for personal and household demographic characteristics, evidence from different contexts show
that the choice of the combined metro and bike mode is significantly associated with the socioeconomic
characteristics of individuals and their family [14]. These characteristics mainly include gender, age,
education level, household income and car ownership in the household etc. For instance, Shelat et
al. [11] analyzed the user characteristics of bike-transit integration in the Netherlands. They found
that individuals who are highly educated, have higher incomes, and are aged 17–27 are more likely to
use the integrated bike and transit mode. The results are in line with the evidence from China which
found high-income, high-educated and young metro passengers are more likely to use public bike to
access metro [14–16]. Recently, a study on the travel patterns of FFBS also pointed out that the users of
combined FFBS and transit mode are more likely to be younger and more educated [17]. In contrast
to the above researches, Wang and Liu [18] analyzed the characteristics of transit-bike users in the
United States from 2001 to 2009. They found that the combined mode is more popular among those
who have a low education level or come from a low-income household. One possible reason is that
the high-income groups in the United States mostly live in the suburbs and prefer to travel by car.
Besides, Kuhnimhof et al. [19] found that individuals who have a personal car are less likely to use the
combined transit-bike mode in Germany.

Among the travel-related characteristics, Puello and Geurs [20,21] analyzed the bike-and-ride
systems in the Netherlands by using combined revealed and stated preference survey data. The results
showed that factors influencing the choice of bike as an access or egress mode are travel purpose,
travel distance, access and egress time and metro using frequency. Yang et al. [22] investigated a mode
shift of car commuters in suburban Nanjing, China to using public bikes to access the metro. The
results revealed that middle- and long-distance car commuters are potential metro–bikeshare users.
This was corroborated by the study of Zhao and Li [14] and De Souza et al. [23]. They found that
travel distance between home and transit stations is the most important effect on the use of cycling for
accessing/egressing metro. Chen et al. [24] found that travel purpose is the main factor affecting metro
passenger transfer. Passengers prefer to use public bike to access/egress metro for flexibility activities
(i.e., shopping, visiting relatives and friends).

Regarding the factors related to the built environment, individual’s residential location, land use
and bike infrastructure around metro stations seems to play important roles. Yang et al. [22] found
that residents living in suburbs prefer to use public bike to transfer to metro for commuting. Heinen
and Bohte [25] found that individuals prefer to cycle to access metro in residential zones. Zhang et
al. [26] pointed out that mixed land use has a positive impact on cycling. This is consistent with a
study of Zhao and Li, who found that mixed land use and green parks in metro station areas are
associated with higher rates of cycling transfer in Beijing [14]. However, a study for Nanjing found
that there is no effects of land use variables on the use of metro–bikeshare [15]. In a recent study, Lin et
al. [27] presented a comparison study to clarity the associations of built environments with shared
bike in Beijing, Taipei and Tokyo and found that the associations differ from one another despite their
geographical and cultural proximity. This suggests that the use behavior of shared bike may vary
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across different built environments. Besides, many studies have found that the increase in bike lanes
contributes to a higher likelihood of individuals in cycling [14,28–30].

Individual’s perceptions may also affect the use of bike to access to metro. For instance, Puello and
Geurs [20] found that the variations in train passengers’ perception of connectivity, attitude towards
station environment and perceived quality of bike facilities significantly affect the bike-train share.
Cheng and Liu [16] pointed out that the environmental awareness of passengers significantly influence
the use of integrated bike-transit mode. Zhao and Li [14] found that metro passengers who prefer
cheap travel are more likely to transfer by bike. Besides, the tolerance threshold of cycling distance
between home and metro station plays an important role. Rastogi and Rao [31] found that the mean
acceptable access distance for cycling is 2.7 km in Mumbai, Indian.

Overall, there is no doubt that the integrated metro and shared bike mode can play an increasingly
important role in improving the last/first mile problem and promoting the development of urban
transport network. However, research on the use frequency of metro–bikeshare is still in its early stage,
especially on the FFBS. None of the aforementioned studies examined the determinants of using FFBS
as a feeder mode to access metro. Although FFBS belongs to bike sharing system, FFBS appears to
be much more attractive than traditional public bikes. Firstly, FFBS is able to save precious land that
surrounding metro stations by eliminating physical docks. Secondly, FFBS can be leased by almost all
residents who have smartphones rather than an extra integrated circuit (IC) card. In order to promote
the low-carbon transportation mode for long-distance, it is necessary to understand the determinations
that influence the loyalty of metro–bikeshare users. Therefore, this paper focuses on the use frequency
of an integrated metro–bikeshare by individuals and presents empirical evidences from Nanjing, China.
By addressing the research gap, the current paper will offer more insights for policy makers to provide
a better service or improve loyalty for metro–bikeshare users.

3. Methodology

3.1. Study Area

Nanjing, as the capital of Jiangsu Province, is an important city and commercial center in eastern
China. By the end of 2017, the resident population of Nanjing was over 8.3 million, with an urbanization
rate of 82.3%. The total area of Nanjing was 6587 km2 and the built-up area was 1399.78 km2 [32]. As
the urban space continues to expand, Nanjing’s metro has also been developed rapidly. Since the first
metro line launched in 2005, there were 7 metro lines in Nanjing, a total of 129 metro stations with 409
entrances by 2017. In the same year, Nanjing launched the FFBS as a new bike sharing system. The
shared bikes were mainly operated by five companies (Mobike, Ofo, Bluegogo, HelloBike and Coolqi),
with a total of 0.2 million bikes at the beginning. Until the end of July 2017, the growing number of
shared bikes has reached roughly 0.45 million, operated by 12 companies, of which Mobike held a
considerable number of shared bikes with 0.12 million [33]. Using one-day GPS data collected from
Mobike Company in Nanjing City (one of the world’s largest FFBS operators) as a sample, the kernel
density map of shared bikes uses in Nanjing is shown in Figure 1. A high density of shared bike use
around the metro station indicates that metro–bikeshare system with metro as the mainstay and FFBS
as the feeder mode is formed.

3.2. Before Designing the Questionnaire

Before designing the questionnaire, something about metro–bikeshare use behavior of individuals
living in Nanjing are firstly required to know due to our limited awareness. Since GPS data can truly
reflect temporal and spatial characteristics of travelers, one-week GPS data collected from Mobike
Company in Nanjing from 18 September 2017 to 24 September 2017 were used in this paper. The
data mainly includes the origin and destination locations of each trip with corresponding latitude and
longitude, trip start time, trip end time, user ID and bike ID. After the deletion of missing information,
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abnormal data and trips that last less than one minute and more than 120 min, 2,704,294 shared bike
trips were retained, accounting for 92.34% of the original data.

Three travel-related spatiotemporal information were extracted from the data: (1) The distribution
of walking distances between metro stations and shared bike parking lots; (2) the distribution of cycling
times between origins/destinations and metro stations; and (3) the times when metro–bikeshare users
pick up/drop off shared bikes to transfer to/from a metro. To obtain these characteristics, it is necessary
to first identify metro–bikeshare users. Due to the lack of metro user data, in this study, shared bike
users within the attractive scope of metro stations (buffer radius) are regard as the metro–bikeshare
users. The buffer radius can be obtained by exploring the relationship between the cumulative
frequency of shared bike use and the distance from the metro station (transfer distance). The transfer
distance corresponding to the 85th percentile value of the cumulative distribution of bikeshare trips can
be considered as the buffer radius, because it can cover most metro–bikeshare users’ trips [34]. Based
on this, multi-ring buffers were created at the 409 metro entrances in ArcGIS. Generally, 300 m is used
as the maximum transfer distance for public bike to access/egress metro stations [35–37]. Considering
that individuals can pick up or drop off free-floating shared bikes close to the metro stations, a total of
25 buffers were constructed from 0 m to 250 m at an interval of 10 m for each metro entrance. Figure 2a
illustrates an example of the buffers created at the metro entrances. Further, the shared bike trips
within all buffers have been calculated respectively. The cumulative frequency distribution of shared
bike use within different buffers is shown in Figure 2b.

Sustainability 2020, 12, x FOR PEER REVIEW 5 of 15 

between the cumulative frequency of shared bike use and the distance from the metro station 
(transfer distance). The transfer distance corresponding to the 85th percentile value of the cumulative 
distribution of bikeshare trips can be considered as the buffer radius, because it can cover most 
metro–bikeshare users’ trips [34]. Based on this, multi-ring buffers were created at the 409 metro 
entrances in ArcGIS. Generally, 300 m is used as the maximum transfer distance for public bike to 
access/egress metro stations [3537]. Considering that individuals can pick up or drop off free-floating 
shared bikes close to the metro stations, a total of 25 buffers were constructed from 0 m to 250 m at 
an interval of 10 m for each metro entrance. Figure 2a illustrates an example of the buffers created at 
the metro entrances. Further, the shared bike trips within all buffers have been calculated 
respectively. The cumulative frequency distribution of shared bike use within different buffers is 
shown in Figure 2b. 

 
Figure 1. Kernel density map of shared bike use. 

 
 

(a) Multi-ring buffers around metro stations (b) Cumulative frequency distribution 

Figure 2. The relationship between the shared bike use and the radius of the circle. 

0.00

0.50

1.00

1.50

2.00

2.50

3.00

0
20,000
40,000
60,000
80,000

100,000
120,000
140,000
160,000

10 30 50 70 90 11
0

13
0

15
0

17
0

19
0

21
0

23
0

25
0

G
ro

w
th

 ra
te

 (%
)

Cu
m

ul
at

iv
e 

bi
ke

sh
ar

e 
tri

ps

Transfer distance (m)

出行量

增长率

Cumulative bikeshare trips
Growth rate

Figure 1. Kernel density map of shared bike use.



Sustainability 2020, 12, 1426 6 of 16

Sustainability 2020, 12, x FOR PEER REVIEW 5 of 15 

between the cumulative frequency of shared bike use and the distance from the metro station 
(transfer distance). The transfer distance corresponding to the 85th percentile value of the cumulative 
distribution of bikeshare trips can be considered as the buffer radius, because it can cover most 
metro–bikeshare users’ trips [34]. Based on this, multi-ring buffers were created at the 409 metro 
entrances in ArcGIS. Generally, 300 m is used as the maximum transfer distance for public bike to 
access/egress metro stations [3537]. Considering that individuals can pick up or drop off free-floating 
shared bikes close to the metro stations, a total of 25 buffers were constructed from 0 m to 250 m at 
an interval of 10 m for each metro entrance. Figure 2a illustrates an example of the buffers created at 
the metro entrances. Further, the shared bike trips within all buffers have been calculated 
respectively. The cumulative frequency distribution of shared bike use within different buffers is 
shown in Figure 2b. 

 
Figure 1. Kernel density map of shared bike use. 

 
 

(a) Multi-ring buffers around metro stations (b) Cumulative frequency distribution 

Figure 2. The relationship between the shared bike use and the radius of the circle. 

0.00

0.50

1.00

1.50

2.00

2.50

3.00

0
20,000
40,000
60,000
80,000

100,000
120,000
140,000
160,000

10 30 50 70 90 11
0

13
0

15
0

17
0

19
0

21
0

23
0

25
0

G
ro

w
th

 ra
te

 (%
)

Cu
m

ul
at

iv
e 

bi
ke

sh
ar

e 
tri

ps

Transfer distance (m)

出行量

增长率

Cumulative bikeshare trips
Growth rate

Figure 2. The relationship between the shared bike use and the radius of the circle.

Figure 2b shows that the cumulative curve increases sharply for the first 30 m and then the growth
rate slows down. It reaches the 85th percentile value at around 150 m. In order to check whether
the buffer around metro stations is reasonable, we further explored the spatial distribution of shared
bike trips with origins or destinations falling into the 100, 150 and 200 m area around metro stations
corresponding to the 70th percentile, 85th percentile and 90th percentile, respectively. We found
that the distribution of bike trips is the most intensive in a 150 m area, and the distribution becomes
uneven and sparse beyond 150 m. Therefore, it can be considered that 150 m is the acceptable transfer
distance between the metro stations and shared bikes. Based on this, we identified 100,642 shared
bike transferring trips, accounting for 18% of the total samples. This result is consistent with the
previous research results which found that about 20% of shared bike trips are for accessing/egressing
to metro [6]. Using the identified data, the characteristics of shared bike were analyzed from three
aspects: Picking up/dropping off time of day, cycling duration and cycling distance. The morning peak
and evening peak of metro–bikeshare trips refer to 7:00–9:00 and 17:00–19:00, respectively. The other
two characteristics of shard bike trips are shown in the Table 1. These results can be used as a reference
for the setting of travel-related options of shared bike in the questionnaire. Specifically, the intervals of
the travel time on bikeshare, travel distance on bikeshare and transfer time of day can be set according
to the spatiotemporal distribution. Notably, our results show that the trip distances by shared bikes are
limited to 2 km. The main reason may be that metro–bikeshare users tend to finish their shared bike
rides within 2 km.

Table 1. Description of Trip Time and Trip Distance.

Minimum 1st Quartile Median Mean 3rd Quartile Maximum

Trip time (min) 6 7.7 8.3 8.9 9.6 19.5
Trip distance (m) 640 922 989 1024 1106 1978

3.3. Survey and Data Collection

This study aims to explore the determinants of individuals’ use frequency of metro–bikeshare based
on survey data. The possible factors influencing the use of the combined mode were considered in the
questionnaire, including individual and household socioeconomics, travel-related characteristics, the
built environment and perceptual characteristics. Due to the limitation of manpower and resources, it is
impossible for the questionnaire to cover all metro stations in Nanjing. Thus, in order to maximize the
universality of the survey results, it is necessary to select representative metro stations. Nanjing metro
stations can be classified into seven categories according to the land use and metro ridership, including
traffic hub and scenic spot stations, university influenced stations, employment-oriented stations,
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residential-oriented stations, spatial mismatched stations, mixed employment-oriented stations and
mixed residential-oriented stations [38]. We selected the metro station with the largest shared bike
trips from each type as the survey site, as shown in Figure 3. It is worth noting that because of the
large number of spatial mismatched stations, an additional survey site for this type was selected.
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Six interviewers were deployed to conduct a random sample survey in the eight metro stations
from 10 October 2018 to 24 October 2018. Since our survey only focused on those who use shared bikes
to access or egress metro, the acquisition of survey samples is not easy. Especially in the morning and
evening rush hours, most metro–bikeshare users were in a hurry and refused to answer questions.
Finally, a total of 406 metro–bikeshare users responded to the survey. The main information that were
collected are as following:

1. The weekly use frequency of the integrated metro–bikeshare of the respondent, which refers to
the use days per week because the number of days can better reflect the loyalty of the users. The
use frequency was categorized into three options including ≤2 days per week (low frequency),
3–4 days per week (intermediate-frequency) and 5–7 days per week (high-frequency).

2. Sociodemographic of the respondent, including age, gender, education level, occupation,
individual income, car ownership and driving experience.

3. Travel-related characteristics, namely travel time on metro, cycling time, travel purpose (multiple
options) and transfer time of day. The options for shared bike were set according to the
spatio-temporal characteristics obtained in the Section 3.2.

4. Characteristics of the built environment, including residential district, workplace district and the
continuity of bike lanes around home and workplace.
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5. Characteristics of respondents’ perceptions, including the tolerance time threshold of searching a
shared bike and the decisions when he/she fails to find a shared bike.

3.4. Descriptive Statistics

After removing the incomplete surveys and respondents, the final valid sample used in the study
included the data from 374 respondents with the effective recovery rate of 92.12%. Approximately 71%
of the respondents were under 30 years old. This may be because the use of shared bikes needs to scan
the QR code with mobile phone for unlocking and paying the fee by WeChat Pay or Alipay, which
is more popularly acceptable by young people. In addition, one of the survey sites is a university
influenced station where many college students were interviewed, accounting for a larger percentage
of young people.

Moreover, the descriptive statistics on the use frequency of metro–bikeshares by individuals
were made. The result shows that the high-, medium-, and low-frequency groups of metro–bikeshare
users in Nanjing account for 9.92%, 21.98% and 68.1%, respectively. This means that although most
individuals use shared bikes as a transfer mode to access/egress metro for less than three days a week,
still more than 30% of individuals use metro–bikeshare as their main travel mode. We further analyzed
the travel purpose of respondents using an integrated metro–bikeshare, as shown in Figure 4.Sustainability 2020, 12, x FOR PEER REVIEW 8 of 15 
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Figure 4a shows that subsistence activities (i.e., go to work, go to school and go home) and
leisure activities (i.e., dinning and shopping) were the main travel purposes of metro–bikeshare users,
accounting for 83.91% and 61.39% respectively. However, the main travel purposes were different
among the three frequency groups. Figure 4b shows that respondents from the high frequency group
preferred to use metro–bikeshares to commute, while those from the low-frequency group are more
willing to use FFBS for dining and shopping. This indicates that the low frequency users are likely to
commute by other travel modes and most of them only use metro–bikeshare for non-commute trips.
Different from the above two groups, the intermediate group used FFBS for both subsistence activities
and leisure activities. However, all respondents regardless of the frequency group hold the same
view that FFBS as a feeder mode can significantly improve the accessibility for their daily activities.
Figure 5 shows the daily activities which accessibility is improved by using the integrated metro and
shared bikes.

As shown in Figure 5a, more than 60% of the respondents expressed that FFBS makes it more
convenient for them to work or go to school by metro, followed by dining and shopping. Similar
proportional distribution can be found for different frequency groups, as shown in Figure 5b. However,
the proportion distribution of low-frequency group is not consistent with that of their travel purposes
using metro–bikeshare. This indicates that although most metro–bikeshare users believe that FFBS
improves their accessibility to work, still a considerable number of low-frequency users choose other
travel mode for commuting trips. Figure 5b also shows that high-frequency group considers that the
FFBS has not improved the accessibility of their leisure activities. This may be the reason why they are
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less likely to use the metro–bikeshare for leisure activities. In addition, the statistical analysis results of
other characteristics for the respondents by different frequency groups are shown in Table 2. Options
for some features have been merged due to few samples.

Sustainability 2020, 12, 1426 8 of 15 

  

(a) All frequency groups (b) Different frequency groups 

Figure 4. The daily travel purposes of metro–bikeshare users. 

Figure 4a shows that subsistence activities (i.e., go to work, go to school and go home) and leisure 
activities (i.e., dinning and shopping) were the main travel purposes of metro–bikeshare users, 
accounting for 83.91% and 61.39% respectively. However, the main travel purposes were different 
among the three frequency groups. Figure 4b shows that respondents from the high frequency group 
preferred to use metro–bikeshares to commute, while those from the low-frequency group are more 
willing to use FFBS for dining and shopping. This indicates that the low frequency users are likely to 
commute by other travel modes and most of them only use metro–bikeshare for non-commute trips. 
Different from the above two groups, the intermediate group used FFBS for both subsistence 
activities and leisure activities. However, all respondents regardless of the frequency group hold the 
same view that FFBS as a feeder mode can significantly improve the accessibility for their daily 
activities. Figure 5 shows the daily activities which accessibility is improved by using the integrated 
metro and shared bikes. 

  

(a) All frequency groups (b) Different frequency groups 

Figure 5. The daily activities which accessibility is improved by metro–bikeshare. 

As shown in Figure 5a, more than 60% of the respondents expressed that FFBS makes it more 
convenient for them to work or go to school by metro, followed by dining and shopping. Similar 
proportional distribution can be found for different frequency groups, as shown in Figure 5b. 
However, the proportion distribution of low-frequency group is not consistent with that of their 
travel purposes using metro–bikeshare. This indicates that although most metro–bikeshare users 
believe that FFBS improves their accessibility to work, still a considerable number of low-frequency 
users choose other travel mode for commuting trips. Figure 5b also shows that high-frequency group 
considers that the FFBS has not improved the accessibility of their leisure activities. This may be the 
reason why they are less likely to use the metro–bikeshare for leisure activities. In addition, the 
statistical analysis results of other characteristics for the respondents by different frequency groups 
are shown in Table 2. Options for some features have been merged due to few samples. 
  

Figure 5. The daily activities which accessibility is improved by metro–bikeshare.

Our study sample shows that the proportion of male and female was almost the same. Individuals
who were younger than 30 years old outnumber the other group, because they were more willing to be
surveyed as stated before. Over half (62%) respondents possessed a college bachelor’s degree, and
many of them were students. Most respondents earned less than 10,000 RMB (about 1425 dollars)
per month. More than 70% of the respondents had a driving license, but only 38% of them ha one or
more household cars. This indicates that most individuals in China, especially young persons, live in
car-deficient households with more driving licenses than cars.

Due to the diversity in respondents’ travel purposes of using metro–bikeshare, their travel
purposes as shown in Figure 4 were classified into three categories, namely work-related activities,
work-related and other activities, and other activities. Table 2 shows that about 36% of respondents
only used metro–bikeshare for non-commuting trips, but more than 40% of them used the mode for
work-related trips. Most of respondents spent more than 30 min on the metro for their daily trips, and
nearly half of them cycle between 10 and 20 min. This suggests that most metro–bikeshare users have
a long travel distance. Moreover, only 30.56% of respondents used shared bike to access/egress metro
during peak hours.

Table 2 also shows that more than half of the respondents lived in peripheral area and/or work in
the same area. Since the frequency of individuals using metro–bikeshare may be related to the bike
infrastructures around their daily activity space which cannot be exacted from the survey site, the
condition of bike lanes around home and workplace were asked from respondents in our questionnaire.
Many respondents claimed to have non-continuous bike lanes around their main activity places and
some of them even had no bike lanes; only 27% of the respondents had continuous bike lanes.

The tolerance distance threshold of respondents searching for a shared bike peaked at the interval
of [0, 50) m, and only 25.47% of the respondents stated that they can walk over 150 m for searching a
shared bike. This result, to some extent, suggests that it is reasonable to use 150 m as the buffer around
metro stations to identify metro–bikeshare users. Moreover, nearly 80% of the respondents claimed
that they would give up the use of metro if they fail to find a shared bike.
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Table 2. Distribution of Use frequency by Different Groups.

Variable Definitions
Use Frequency

Low Medium High All

Individual and household sociodemographic

Gender
Male 65.97% 23.56% 10.47% 51.21%
Female 70.33% 20.33% 9.34% 48.79%

Age 30 and younger 70.61% 20.95% 8.45% 79.09%
Older than 30 58.44% 25.97% 15.58% 20.91%

Education level
High school or less 61.37% 26.18% 12.45% 37.53%
College or more 79.29% 15.00% 5.71% 62.47%

Occupation Fixed worker 57.86% 23.27% 18.87% 42.36%
Other 75.70% 21.03% 3.27% 57.64%

Average monthly income
Less than 5000 78.07% 18.72% 3.21% 50.13%
5000–10,000 63.33% 22.50% 14.17% 32.17%
More than 10,000 48.48% 30.30% 21.21% 17.69%

Driving experience Have driving license 71.18% 20.49% 8.33% 76.94%
No driving license 57.65% 27.06% 15.29% 23.06%

Car ownership Presence of car 65.16% 24.89% 9.95% 38.61%
No presence of car 72.37% 17.76% 9.87% 61.39%

Travel-related characteristics

Daily travel purpose
Work-related activities 53.33% 28.00% 18.67% 40.21%
Work and other activities 64.04% 25.84% 10.11% 23.86%
Other activities 87.31% 12.69% 0.00% 36.19%

Travel time on metro
<30 min 66.67% 24.85% 8.48% 21.45%
[30, 45) min 71.43% 20.17% 8.40% 43.43%
≥45 min 66.29% 19.10% 14.61% 35.12%

Travel time on bike
<10 min 67.22% 21.11% 11.67% 21.45%
[10, 20) min 70.09% 21.37% 8.55% 48.26%
≥20 min 67.11% 25.00% 7.89% 30.29%

Transfer time of day Peak hours 62.28% 27.19% 10.53% 30.56%
Other time 70.66% 19.69% 9.65% 69.44%

Built environment characteristics

Residential location
Central area 55.17% 31.03% 13.79% 46.38%
Other area 79.40% 14.07% 6.53% 53.62%

Workplace location Central area 52.94% 29.95% 17.11% 49.87%
Other area 83.33% 13.98% 2.69% 50.13%

Bike lane
No bike lane 67.27% 22.73% 10.00% 29.49%
No continuous bike lanes 77.23% 17.82% 4.95% 43.43%
Continuous bike lanes 62.96% 24.07% 12.96% 27.08%

Perceptual characteristics

Tolerance threshold of distance to search for
a shared bike

<50 m 67.37% 22.11% 10.53% 47.72%
[50, 150) m 74.00% 19.00% 7.00% 26.81%
≥150 m 65.17% 23.60% 11.24% 25.47%

Decisions when fails to find a shared bike
Give up the use of metro 68.92% 19.93% 11.15% 79.36%
Use other mode to metro 66.67% 27.54% 5.80% 18.50%
Give up the travel 50.00% 50.00% 0.00% 2.14%

3.5. Ordered Logistic Regression Model

Ordered logistic regression model is widely used to analyze the dependent variables with order
relationships. In this paper, there is an order relationship among the three frequency groups, and thus
ordered logistic regression model was used to analyze the relationship between the influencing factors
and the use frequency of metro–bikeshares. For the dependent variable j = 1, 2, . . . , J, ordered
logistic regression model [39] is described as Formula (1).

ln

 P(y ≤ j
∣∣∣x)

1− P(y ≤ j
∣∣∣x)

 = f j − (α+
K∑

k=1

βkxk) (1)

where J is the group number; f j is the dividing point of frequency containing J − 1 values, f1 < f2 <
· · · < fJ−1; α is the regression intercept; βk is the regression coefficient of the independent variable xk;
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P(y ≤ j
∣∣∣x) is cumulative probability; and y is a function of x. For ordered logistic regression model,

the odds can be calculated by the sequential accumulation of event probabilities [40]. Cumulative
probability is described as Formula (2).

P(y ≤ j
∣∣∣x) = e[ f j−(α+

∑K
k=1 βkxk)]

1 + e[ f j−(α+
∑K

k=1 βkxk)]
(2)

After obtaining the cumulative probability, the probability P(y = j) belonging to a frequency
group can be calculated. The maximum likelihood estimation method was used to calculate the
parameters of ordered logistic regression model in this paper. It is worth noting that the test of parallel
lines should be conducted firstly and this test could be the basis to evaluate whether the model is
applicable. The p-value over 0.05 indicates that the regression coefficients of all the independent
variables remain unchanged, regardless of the value of the dividing point of the dependent variable.
Therefore, the regression coefficient of an independent variable has no relationships with the dividing
point and the established ordered logistic regression model is applicable.

4. Results

Before inclusion of variables into the model, the multi-collinearity among variables should be
examined. The variables that are highly correlated with the other variables should be removed. The
correlation among variables is usually tested depending on their variance inflation factors (VIF).
The correlation is considered to be high when the VIF is larger than 7.5. Accordingly, we tested for
multi-collinearity and found that age is highly correlated with other variables with a VIF larger than
7.5. Therefore, we put all explanatory variables except for age into the model. The variables that were
significant at the 95% level were retained, and then the other variables were removed one by one
to ensure the best fit of the model. The fitting information and regression results of the final model
are shown in Table 3. It is noted that the variables, including gender, travel time on bikeshare and
residential location have been retained as they can increase the goodness-of-fit of the model.

As shown in Table 3, the test of parallel lines has a result as χ2 = 20.495, p = 0.115 (>0.05),
which indicates that the order logistic regression model is applicable. The p-value of the final model
is 0.000 (<0.05), which shows that the model with three independent variables including personal
socioeconomic, travel-related characteristics, built environment attributes is better fitting than the
model with only constant terms. The significance test indicates that the variables including education
level, individual income, travel purpose, travel time on metro, workplace location and bike lane
infrastructure have a significant impact on the transfer frequency.

As for individual attributes, the estimated coefficient of responders with a high school education
or less is positive. This indicates that individuals with a less education are more likely to use bikeshare
frequently access/egress to metro, the frequency of which is 1.744 times that of the individuals with a
college education or more. The main reason may be that the survey sample includes many college
students, who use the integrated metro–bikeshares with relatively low frequency. The estimated
coefficient of income below 5000 is −0.661, indicating that individuals with income below 5000 per
month prefer to use bikeshares as a feeder mode to metro at low frequencies, when compared to
individuals with income above 10,000 per month. However, no statistically significant difference exists
between individuals with 5000–10,000 per month and the reference group. This indicates that 5000
is a turning point, after which a significant increase in the use of metro–bikeshares is observable. In
addition, no statistically significant difference was found between male and female. Unexpectedly,
metro passengers’ occupation and car-related attributes including driving license and household car
ownership have no significant impact on their frequencies of using metro–bikeshare. One possible
reason is that most of the metro–bikeshare users are youngers who usually live in car-deficient
households with more driving licenses than cars, and household car is less likely to be assigned to
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them. Therefore, whether they have a driving license or a household car has little impact on their use
frequency of metro–bikeshare integration.

In terms of travel-related characteristics, the estimated coefficient of responders travelling for
work-related activities is 1.565, indicating that commuters prefer to use the combined metro and bike
mode at high frequencies, which is 4.783 times that of those using the mode for non-commuting
activities. Compared with the commuters whose travel time on metro is over 45 min, the commuters
who travel on metro less than 30 min and between 30 and 45 min are less likely to use the combined
mode at high frequencies, which odds ratios (OR) are 0.337 and 0.484, respectively. This result shows
that the longer the metro commuting time is, the more likely the commuter will use the bikeshare to
access/egress at high frequencies to the metro. One of the major reasons for this is that metro travel
with a long distance may reduce the negative effects caused by transfer behavior. Unexpectedly, there
is no significant difference in the use frequencies of the metro–bikeshare of travel time on bikeshare
less than 10 min and between 10 and 20 min when compared to the reference group. Nevertheless, the
positive coefficients indicate that those cycling for a short time use bike more frequently to transfer
to/from a metro station.

Table 3. Ordered Logistic Regression Analysis for Transfer Frequency.

Variables Coef. Odds Ratio
95% CI

Lower
Bound

Upper
Bound

Gender (Male = ref.)
Female −0.189 0.828 −0.682 0.304

Education level (college or more = ref.)
High school or less 0.556 a 1.744 0.010 1.103

Annual individual income (CNY, >10,000 = ref.)
<5000 −0.661 a 0.516 −1.314 −0.008
5000–10,000 −0.187 0.829 −0.825 0.452

Daily travel purpose (Others = ref.)
Work-related activities 1.565 b 4.783 0.888 2.243
Work-related and other activities 1.291 b 3.636 0.554 2.027

Travel time on metro (≥45 min = ref.)
<30 min −1.087 b 0.337 −1.738 −0.436
[30, 45) min −0.725 b 0.484 −1.397 −0.053

Travel time on bikeshare (≥20 min = ref.)
<10 min 0.403 1.496 −0.264 1.071
[10, 20) min 0.487 1.627 −0.217 1.191

Residential location (central area = ref.)
Peripheral area −0.191 0.826 −0.840 0.458

Workplace location (central area = ref.)
Peripheral area −1.241 b 0.289 −1.938 −0.545

Bike lane (Non-continuous bike lanes = ref.)
No bike lane 0.494 1.639 −0.183 −0.307
Continuous bike lanes 1.059 b 2.883 0.421 0.005

Frequency 1 1.340 b 3.819 0.205 2.474

Frequency 2 3.147 b 23.266 1.972 4.321

Model fitting information Test of parallel lines
R2 (Cox and Snell) = 0.244, χ2 = 20.495
R2 (Nagelkerke) = 0.302, p = 0.115
p = 0.000

Note: a significance at the 5% level; b significance at the 1% level.

As for built environment attributes, the estimated coefficient of responders working in peripheral
areas is negative. This indicates that individuals who work in peripheral areas are more likely to use
bikeshares as a feeder mode to metro at low frequencies, which is 0.289 times that of individuals who
work in the central area. This may be resulted from the low density of metro stations and shared bikes
in the peripheral areas. However, living in the peripheral area have no statistically significant impact



Sustainability 2020, 12, 1426 13 of 16

on individuals’ use frequency when compared to those living in the core areas. This may be due to the
complexity of the attributes of individuals living in urban areas. Interestingly, the model results also
show that compared with individuals who have to cycle on non-continuous bike lanes, individuals
riding on continuous bike lanes prefer to use metro–bikeshare at high frequencies. This indicates that
friendly environments of cycling can improve the integration of metro and bikeshare.

5. Conclusions and Discussions

Our study reveals that people who have an education level of high or less is more possible to
use FFBS as a feeder mode with a higher frequency. This finding is consistent with that of the United
States [18]. However, individuals come from low-income group have an opposite effect on their use
frequency. One of the possible reasons for this is that individuals with a higher education level and
low-income are university students who occasionally travel by metro for flexibility activities such
as shopping and entertainment. This suggests that university students are being attracted to use
the metro–bikeshare mode, albeit the low use frequency. Since university students are likely to be
potential car users when they enter the workforce, more consideration should be given to them in
policy making and facility planning. Another reason is that higher education level group may have
better environmental awareness [41]. This suggests that the concept of low-carbon travel should be
more popularized in both schools and workplaces. Besides, our results show that the characteristics of
car ownership and driving license have no effects on individuals’ use of metro–bikeshare, which is
different from the situation in developed countries such as the Netherlands [42] and Canada [43]. This
is probably because most individuals in China are from car-deficient households, therefore, some of
them choose to travel by metro–bikeshares due to the lack of a second car in the household. A second
car purchasing limitation may have a short-term effect, but the limitation can never be effective without
promoting metro–bikeshare service.

Travel-related characteristics is another important factor influencing the frequency of
metro–bikeshare use. Metro commuters prefer to use shared bike to access/egress metro for commuting
and other flexibility activities, such as shopping, dining and entertainment. Therefore, a transit-oriented
urban planning may contribute to a higher frequency of commuters using metro–bikeshares. Besides,
our results show commuters travel with a long time has a higher possibility that they use the shared
bikes to access/egress metro more frequently. This finding is consistent with previous research [14,22],
which suggests that the integrated metro–bikeshare is an alternative of cars for long-distance commuters.
However, still many residential areas in Nanjing have no shared bike facilities (including shared bikes
and parking sites), especially those in remote areas; hence, parking sites for shared bike in those
areas should be added. Notably, although there is no fixed station for free-floating shared bikes,
FFBS companies such as Mobike have set up designated parking sites for their shared bikes to avoid
disordered bike piling.

Another notable result is that individuals working in core areas are more likely to choose an
integrated metro and bikeshare systems. On the one hand, the majority of shared bike facilities
are distributed in the metropolitan core areas, which make the shared bike more accessible. Also,
the land use around metro stations in core areas is mixed and concentrated. In other words, the
origins/destinations of individuals are more likely to be located within the acceptable cycling distance.
On the other hand, many of individuals, especially young commuters, who work in core areas may live
in inner or remote areas due to the high housing prices in the city center. They are likely to go to work
for a long commuting distance and prefer to use bike to access/egress metro. However, even though
shared bikes in urban areas of Nanjing has reached saturation point, these passengers are still unable
to borrow the bikes in many cases. Therefore, it is necessary to rebalance shared bikes for different
types of metro stations and urban land use by intelligent management and operations. Besides, there
is also strong evidence that continuous bike lanes around home and workplace has a positive effect on
more use of metro–bikeshares. To encourage more people to use the integration of metro and shared
bike systems, a well-developed infrastructure for continuous bike lanes is vital.
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As the paper aims to study the determinants of individuals’ use frequency of combined metro
and FFBS mode, it contributes an overview for the integration of FFBS system with metro at the early
stage. The main factors influencing on the loyalty of metro–bikeshare users who are being attracted to
use the integrated mode are obtained. Nonetheless, there are some limitations to the research. First, as
stated before, about 72% of the respondents are young adults. Hence, our findings, to a large extent,
mainly reflect the use frequency characteristics of young people. Second, due to the limitation of data,
our study used the shared bike trips within 150 m distance from each metro station as the transfer
trips to analyze the spatio-temporal characteristics of cyclists’ journeys. It may lead to some wrongly
identification for the cyclists who did not access/egress to metro; hence, future studies will need to
identify the metro–bikeshare trips by combining smart card data of metro. In addition, land use and
other transport facilities such as the density of bus stop around individuals’ trip endpoint may also
influence the use frequency. These will be addressed in future studies.

Author Contributions: Conceptualization, Y.L. and T.F.; data curation, Y.L. and Y.J.; formal analysis, Z.S., Y.J. and
Y.L.; methodology, Y.L. and T.F.; writing—original draft, Y.L. and Z.S. All authors have read and agreed to the
published version of the manuscript.

Funding: This research was funded by the National Key R&D Program of China (grant number 2018YFE0120100),
the National Key R&D Program of China (grant number 2018YFB1600902), the Research Foundation of Graduated
School of Southeast University (grant number YBJJ1842) and the China Scholarship Council (CSC) (grant number
201806090205).

Acknowledgments: We are grateful for the comments and suggestions from the editor and the anonymous
reviewers who helped improve the paper.

Conflicts of Interest: The authors declare no conflict of interest. The funders had no role in the design of the
study; in the collection, analyses, or interpretation of data; in the writing of the manuscript, or in the decision to
publish the results.

References

1. Chen, M.; Wang, D.; Sun, Y.; Waygood, E.O.D.; Yang, W. A comparison of users’ characteristics between
station-based bikesharing system and free-floating bikesharing system: Case study in Hangzhou, China.
Transportation 2018, 1–16. [CrossRef]

2. Pal, A.; Zhang, Y. Free-floating bike sharing: Solving real-life large-scale static rebalancing problems. Transp.
Res. Part C Emerg. Technol. 2017, 80, 92–116. [CrossRef]

3. Li, X.; Zhang, Y.; Sun, L.; Liu, Q. Free-floating bike sharing in jiangsu: Users’ behaviors and influencing
factors. Energies 2018, 11, 1664. [CrossRef]

4. Xin, F.; Chen, Y.; Wang, X.; Chen, X. Cyclist satisfaction evaluation model for free-floating bike-sharing
system: A case study of Shanghai. Transp. Res. Rec. 2018, 2672, 21–32. [CrossRef]

5. Horowitz, N. Sustaining Dockless Bike-Sharing Based on Business Principles; Theses, 1633; New Jersey Institute of
Technology: Newark, NJ, USA, 2018; Available online: https://digitalcommons.njit.edu/theses/1633 (accessed
on 20 December 2019).

6. Mobike, The Mobike Second Wihite Paper: How cycling Changes Cities. Available online: https://mobike.
com/sg/blog/post/cycling-changes-cities (accessed on 10 April 2018).

7. Hua, M.; Chen, X.; Zheng, S.; Cheng, L.; Chen, J. Estimating the parking demand of free-floating bike sharing:
A journey-data-based study of Nanjing, China. J. Clean. Prod. 2020, 244, 118764. [CrossRef]

8. Wang, D.; Zhou, M. The built environment and travel behavior in urban China: A literature review. Transp.
Res. Part D Transp. Environ. 2017, 52, 574–585. [CrossRef]

9. Xu, C.; Li, H.; Zhao, J.; Chen, J.; Wang, W. Investigating the relationship between jobs-housing balance and
traffic safety. Accid. Anal. Prev. 2017, 107, 126–136. [CrossRef]

10. Engelfriet, L.; Koomen, E. The impact of urban form on commuting in large Chinese cities. Transportation
2018, 45, 1269–1295. [CrossRef]

11. Shelat, S.; Huisman, R.; van Oort, N. Analysing the trip and user characteristics of the combined bicycle and
transit mode. Res. Transp. Econ. 2018, 69, 68–76. [CrossRef]

12. Ji, Y.; Ma, X.; Yang, M.; Jin, Y.; Gao, L. Exploring spatially varying influences on metro-bikeshare transfer: A
geographically weighted poisson regression approach. Sustainability 2018, 10, 1526. [CrossRef]

http://dx.doi.org/10.1007/s11116-018-9910-7
http://dx.doi.org/10.1016/j.trc.2017.03.016
http://dx.doi.org/10.3390/en11071664
http://dx.doi.org/10.1177/0361198118770193
https://digitalcommons.njit.edu/theses/1633
https://mobike.com/sg/blog/post/cycling-changes-cities
https://mobike.com/sg/blog/post/cycling-changes-cities
http://dx.doi.org/10.1016/j.jclepro.2019.118764
http://dx.doi.org/10.1016/j.trd.2016.10.031
http://dx.doi.org/10.1016/j.aap.2017.08.013
http://dx.doi.org/10.1007/s11116-017-9762-6
http://dx.doi.org/10.1016/j.retrec.2018.07.017
http://dx.doi.org/10.3390/su10051526


Sustainability 2020, 12, 1426 15 of 16

13. Wu, X.; Lu, Y.; Lin, Y.; Yang, Y. Measuring the destination accessibility of cycling transfer trips in metro
station areas: A big data approach. Int. J. Environ. Res. Public Health 2019, 16, 2641. [CrossRef]

14. Zhao, P.; Li, S. Bicycle-metro integration in a growing city: The determinants of cycling as a transfer mode in
metro station areas in Beijing. Transp. Res. Part A Policy Pract. 2017, 99, 46–60. [CrossRef]

15. Ji, Y.; Fan, Y.; Ermagun, A.; Cao, X.; Wang, W.; Das, K. Public bicycle as a feeder mode to rail transit in China:
The role of gender, age, income, trip purpose, and bicycle theft experience. Int. J. Sustain. Transp. 2017, 11,
308–317. [CrossRef]

16. Cheng, Y.-H.; Liu, K.-C. Evaluating bicycle-transit users’ perceptions of intermodal inconvenience. Transp.
Res. Part A Policy Pract. 2012, 46, 1690–1706. [CrossRef]

17. Du, M.; Cheng, L. Better understanding the characteristics and influential factors of different travel patterns
in free-floating bike sharing: Evidence from Nanjing, China. Sustainability 2018, 10, 1244. [CrossRef]

18. Wang, R.; Liu, C. Bicycle-transit integration in the United States, 2001–2009. J. Public Transp. 2013, 16, 6.
[CrossRef]

19. Kuhnimhof, T.; Chlond, B.; Huang, P.-C. Multimodal travel choices of bicyclists: Multiday data analysis of
bicycle use in Germany. Transp. Res. Rec. 2010, 2190, 19–27. [CrossRef]

20. La Paix Puello, L.C.; Geurs, K.T. Modelling observed and unobserved factors in cycling to railway stations:
Application to transit-oriented-developments in the Netherlands. Eur. J. Transp. Infrastruct. Res. 2015, 15.
[CrossRef]

21. La Paix Puello, L.C.; Geurs, K.T.; Patuelli, R.; Dentinho, T. Train station access and train use: A joint stated
and revealed preference choice modelling study. In Accessibility, Equity and Efficiency; Nectar Series on
Transportation and Communications Network Research; Edward Elgar Publishing: Cheltenham, UK, 2016.

22. Yang, M.; Liu, X.; Wang, W.; Li, Z.; Zhao, J. Empirical Analysis of a Mode Shift to Using Public Bicycles to
Access the Suburban Metro: Survey of Nanjing, China. J. Urban Plan. Dev. 2015, 142, 05015011. [CrossRef]

23. de Souza, F.; Puello, L.L.P.; Brussel, M.; Orrico, R.; Van Maarseveen, M. Modelling the potential for cycling in
access trips to bus, train and metro in Rio de Janeiro. Transp. Res. Part D Transp. Environ. 2017, 56, 55–67.
[CrossRef]

24. Chen, L.; Pel, A.J.; Chen, X.; Sparing, D.; Hansen, I.A. Determinants of bicycle transfer demand at metro
stations: Analysis of stations in Nanjing, China. Transp. Res. Rec. 2012, 2276, 131–137. [CrossRef]

25. Heinen, E.; Bohte, W. Multimodal commuting to work by public transport and bicycle: Attitudes toward
mode choice. Transp. Res. Rec. 2014, 2468, 111–122. [CrossRef]

26. Zhang, Y.; Thomas, T.; Brussel, M.; Van Maarseveen, M. Exploring the impact of built environment factors on
the use of public bikes at bike stations: Case study in Zhongshan, China. J. Transp. Geogr. 2017, 58, 59–70.
[CrossRef]

27. Lin, J.J.; Zhao, P.; Takada, K.; Li, S.; Yai, T.; Chen, C.H. Built environment and public bike usage for metro
access: A comparison of neighborhoods in Beijing, Taipei, and Tokyo. Transp. Res. Part D Transp. Environ.
2018, 63, 209–221. [CrossRef]

28. Akar, G.; Clifton, K.J. Influence of individual perceptions and bicycle infrastructure on decision to bike.
Transp. Res. Rec. 2009, 2140, 165–172. [CrossRef]

29. Krizek, K.J.; Stonebraker, E.W. Assessing options to enhance bicycle and transit integration. Transp. Res. Rec.
2011, 2217, 162–167. [CrossRef]

30. Krizek, K.J.; Roland, R.W. What is at the end of the road? Understanding discontinuities of on-street bicycle
lanes in urban settings. Transp. Res. Part D Transp. Environ. 2005, 10, 55–68. [CrossRef]

31. Rastogi, R.; Krishna Rao, K. Travel characteristics of commuters accessing transit: Case study. J. Transp. Eng.
2003, 129, 684–694. [CrossRef]

32. Nanjing Statistics Bureau. Nanjing National Economic and Social Development Statistics Bulletin; Nanjing
Statistics Bureau: Nanjing, China, 2017.

33. Zhao, J.; Deng, W.; Song, Y. Ridership and effectiveness of bikesharing: The effects of urban features and
system characteristics on daily use and turnover rate of public bikes in China. Transp. Policy 2014, 35, 253–264.
[CrossRef]

34. Zuo, T.; Wei, H.; Rohne, A. Determining transit service coverage by non-motorized accessibility to transit:
Case study of applying GPS data in Cincinnati metropolitan area. J. Transp. Geogr. 2018, 67, 1–11. [CrossRef]

35. Flamm, B.J.; Rivasplata, C.R. Public transit catchment areas: The curious case of cycle-transit users. Transp.
Res. Rec. 2014, 2419, 101–108. [CrossRef]

http://dx.doi.org/10.3390/ijerph16152641
http://dx.doi.org/10.1016/j.tra.2017.03.003
http://dx.doi.org/10.1080/15568318.2016.1253802
http://dx.doi.org/10.1016/j.tra.2012.10.013
http://dx.doi.org/10.3390/su10041244
http://dx.doi.org/10.5038/2375-0901.16.3.6
http://dx.doi.org/10.3141/2190-03
http://dx.doi.org/10.18757/ejtir.2015.15.1.3057
http://dx.doi.org/10.1061/(ASCE)UP.1943-5444.0000299
http://dx.doi.org/10.1016/j.trd.2017.07.007
http://dx.doi.org/10.3141/2276-16
http://dx.doi.org/10.3141/2468-13
http://dx.doi.org/10.1016/j.jtrangeo.2016.11.014
http://dx.doi.org/10.1016/j.trd.2018.05.007
http://dx.doi.org/10.3141/2140-18
http://dx.doi.org/10.3141/2217-20
http://dx.doi.org/10.1016/j.trd.2004.09.005
http://dx.doi.org/10.1061/(ASCE)0733-947X(2003)129:6(684)
http://dx.doi.org/10.1016/j.tranpol.2014.06.008
http://dx.doi.org/10.1016/j.jtrangeo.2018.01.002
http://dx.doi.org/10.3141/2419-10


Sustainability 2020, 12, 1426 16 of 16

36. Griffin, G.P.; Sener, I.N. Planning for bike share connectivity to rail transit. J. Public Transp. 2016, 19, 1.
[CrossRef]

37. Zhao, D.; Wang, W.; Ong, G.P.; Ji, Y. An Association Rule Based Method to Integrate Metro-Public Bicycle
Smart Card Data for Trip Chain Analysis. J. Adv. Transp. 2018, 2018, 4047682. [CrossRef]

38. Gan, Z.; Yang, M.; Feng, T.; Timmermans, H. Understanding urban mobility patterns from a spatiotemporal
perspective: Daily ridership profiles of metro stations. Transportation 2018, 1–22. [CrossRef]

39. Wang, J.; Guo, Z. Logistic Regression Model: Methods and Application; Higher Education Press: Beijing, China,
2001.

40. Williams, R. Generalized ordered logit/partial proportional odds models for ordinal dependent variables.
Stata J. 2006, 6, 58. [CrossRef]

41. Dill, J.; Voros, K. Factors affecting bicycling demand: Initial survey findings from the Portland, Oregon,
region. Transp. Res. Rec. 2007, 2031, 9–17. [CrossRef]

42. Krygsman, S.; Dijst, M.; Arentze, T. Multimodal public transport: An analysis of travel time elements and
the interconnectivity ratio. Transp. Policy 2004, 11, 265–275. [CrossRef]

43. Alshalalfah, B.; Shalaby, A.S. Case study: Relationship of walk access distance to transit with service, travel,
and personal characteristics. J. Urban Plan. Dev. 2007, 133, 114–118. [CrossRef]

© 2020 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
article distributed under the terms and conditions of the Creative Commons Attribution
(CC BY) license (http://creativecommons.org/licenses/by/4.0/).

http://dx.doi.org/10.5038/2375-0901.19.2.1
http://dx.doi.org/10.1155/2018/4047682
http://dx.doi.org/10.1007/s11116-018-9885-4
http://dx.doi.org/10.1177/1536867X0600600104
http://dx.doi.org/10.3141/2031-02
http://dx.doi.org/10.1016/j.tranpol.2003.12.001
http://dx.doi.org/10.1061/(ASCE)0733-9488(2007)133:2(114)
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Literature Review 
	Methodology 
	Study Area 
	Before Designing the Questionnaire 
	Survey and Data Collection 
	Descriptive Statistics 
	Ordered Logistic Regression Model 

	Results 
	Conclusions and Discussions 
	References

