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The Data Processing Pipeline of IMA From Anonymous Mentorship Reviews to Structural Insights

55,200

STAGE 2: PREPROCESSING

Aggregation & Uncertainty

& PRIVACY PROTECTION
STAGE 1: LARGE-SCALE

FEATURE ENGINEERING

Aspect-Based SentimentMulti-Platform Crawling

Massive Raw Data Scale

Contextual Filtering &

Multi-Model Consensus

DATA ACQUISITION

GPT-4 Qwen 2.5 Llama 3 Gemini 2.5
doplicate detection, entity-key matching,

Narrative text converted into 0-5 ordinal

contact details) removed; mentor names

Relationship Quality, Student Prospects,

Ready for Modeling

Restricted to Chinese academic context

evidence assigned a "-1" label for data

Reviews processed by an ensemble of
and coxine similarity analysis of text

platforms including Zhihu, Date Your

Sensitive personal info (student IDs,

Redundant entries removed via exact

Supervisor Site, Reahn of Research,

Final scores calculated as a trimmed

converted into hashed identifiers for
mean/median; cases with insufficient

Privacy-Preserving

Data collected from major Chinese

[SUPPORTING_FACT]

17,333 unique mentors across five

normalized to Simplified Chinese,

advertisements/short comments.

FINAL OUTPUT :
THE STRUCTURED

DATASET

(Mainland, HK, Macau, Taiwan);

capture of text, timestamps, and

Project Orientation, Lifestyle.

Final dataset consists of 16,484
high-quality entries covering
over 10,000 mentors from 50+
universities, stored in structure-
ed CSV/Excel formats.

and Master/Doctoral Supervisor

university/department; canonical

This structured output serves
as the direct input for downs-

tream XGBoost/LightGBM
pr-edictive modeling and SH-
AP/LIME interpretability an-
alysis.

academic years (2020-2023)

De-identification

ratinge aeross sis dimensions:

raw review entries referencing

Iterative query expansion by

models to eliminate bias and

Deduplication

Normalization

Triple-Signal

Standardized Records

[DEFINITION]

(Ensemble)

Systematic

absolute anonymity.

platform identifiers.

[STATISTIC]

Estimation

removing noise like

Extraction

Capture

Evaluation Site.

hallucinations.embeddings.

integrity.
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->>

Financial Support, Professional Ability,

STAGE 3: LLM-ENSEMBLE
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(1). Chinese Online Supervisor
-Rating Website (DataSource)

(2). Detailed Anonymized Review Text from 
Students for Supervisor

(3). Collected for these evaluation 
dataset and Structured storage 

Posted By 
Anonymous 

Students

Internet
Download





Phase 2: Refinement, Consolidation & SafetyPhase 1: Contextual Filtering & Deduplication

(1) Regional Contextual 
Filtering

(3) Content 
Normalization

Organized

& Noise Filtering
(5) Quality Control

& Privacy Gate Total Valid Reviews:
16,484 entries

Consolidation

Universities: 50+

(4) Mentor-Level

Mentor Entities:

Raw Online
Reviews

Final Scale

Contributing

Datasets

10,000+

000

ODO

000

Restricting data to Mainland 
China, HK, Macau, and Taiwan 
to ensure institutional 
consistency.

Removing exact matches and 
near-duplicates using entity-
key matching and text 
similarity thresholds.

(2) Multi-Signal 
Deduplication 

Final screening to block 
personal identifiers like 
contact info and specific 
names.

Grouping all validated, 
reviews into a single,  
container per mentor for 
aggregate scoring.

Converting to Simplified 
Chinese, removing 
punctuation, and filtering 
out advertisements or 
short/empty comments.





data['tutor name']

LLM Inputs

data['student description']data['major']data['school']

LLM Quantitative Analysis 
Prompts

Supervisor - Evaluation Raw Data

Quantitative Results after LLM Analysis
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eXplainable
Artificial 

Intelligence (XAI)













Cluster 1 Cluster 2 Cluster 3

Cluster 4 Cluster 5



Comparison of Overall Rating Score

Male
Female

Rating Level

Comparison of Lifestyle Scores Distribution

Male                                   FemaleGender:

Comparison of extreme evaluation ratios

Male                                      FemaleGender:

High Scores
Low Scores



Life Stress

Project Attitude

Professional Level

Student Subsidy

Prospects

Relationship

Traditional vs High-Tech Engineering: Internal Ecosystem Fracture Analysis(i)
(ii) (iii)

(iv) (v) Interdisciplinary Variability Comparison(vi)



Degree of supervision by the instructor

Distribution of pressure intensity in various disciplines

Information Technology

Engineering

Natural Sciences
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Feature Interaction Strength Matrix(a) (b) (c)

(d) (e) (f)

(g) (h) (i)










